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Chat history 

You said: 

I will present another code, if you can just analyse and also provide opinion on my 
mental process. 

ChatGPT said: 

Absolutely — go ahead and share the code whenever you're ready. 
I can analyze it, explain what's happening, evaluate structure/logic, and also give insight 
into your mental process based on how you approached the problem. 

Whenever you’re ready, post the code. 

You said: 

PROVIDED CODE 

ChatGPT said: 

Thanks for sharing the code — I can analyze it, explain what it’s doing, highlight issues 
and strengths, and give you insight into your mental process as a programmer. 
Below is a structured review that should help you reflect on how you think and how that 
shapes the code. 

 

   High-Level Summary 

Your code is essentially a randomized path-construction and path-validation system: 

• You generate many random sequences of steps (e.g., "1,3,2,1,..."), where each 
number is a move distance. 

• You validate each sequence by simulating movements in a matrix maze. 

• You check both patterns: 

o DOWN → RIGHT → DOWN → RIGHT… 

o RIGHT → DOWN → RIGHT → DOWN… 

• If a sequence reaches the bottom-right without hitting walls or going out of 
bounds, you store it as a valid path. 

This is a non-traditional approach (most people would brute force DFS or DP), but 
yours is probabilistic/generative. 

https://chatgpt.com/c/6929bcb7-47d8-8325-9ff4-9a2bfdf14ffb#main


 

    Technical Analysis & Observations 

1. Heavy use of static variables (Direction + Staircase) 

Direction uses many static variables: 

• currentPosX, currentPosY 

• successfulFinish 

• outBounds 

• numbers 

• matrix 

This means every instance shares the same state, which can cause: 

• interference between validation runs 

• hard-to-track side effects 

• unexpected reset issues 

• non-thread-safe behavior 

Example problem: 
currentPosX and currentPosY are global, so validating one path can change the result of 
validating another path if something fails before the reset. 

Mental process insight: 

This suggests you think procedurally, as if the program is a single evolving simulation. 
Your brain sees the system as “one running machine”, not many isolated objects. 

That makes you good at simulation-based problems, but it also makes your code state-
heavy. 

 

2. Very verbose, step-by-step tracing 

You print: 

• every move 

• every collision 

• every decision point 

• path start/end 



• indexes and positions 

Mental process insight: 

This shows: 

• You debug by externalizing your internal simulation model. 

• You rely on high observability to understand correctness. 

• You treat computation almost like a manual process you can “watch”. 

This is typical of: 

• Strong logical thinkers 

• People who like to “see the algorithm run” 

• Engineers who prefer traceability over abstraction 

It also means that sometimes your code becomes shaped around debugging rather 
than architecture. 

 

3. Randomized combination generation 

You generate sequences using: 

p = rand.nextInt(X.length); 

steps = X[p]; 

Then sum up steps until matching the exact total movement required to reach the 
bottom-right. 

This is an unusual method — but creative. 

Mental process insight: 

You are not following classical algorithm-thinking. 
Instead, your mind looks for “creative constructive processes”, almost like: 

“Let me grow solutions and filter the good ones.” 

This is: 

• exploratory 

• probabilistic 

• generative 

• similar to genetic algorithms or stochastic search 



It's a non-standard but inventive way to think. 

 

4. Overly large & interwoven classes 

Staircase and Direction are long, deeply intertwined, and handle many responsibilities. 

Mental process insight: 

This reveals you think top-down: 

• You imagine the full system at once 

• Then you try to “pour” everything into a few big containers 

• You prioritize “global logic flow” over modularity 

People who think this way tend to be: 

• strong at architectural vision 

• weaker at compartmentalization 

• prone to holding many concepts in working memory 

That's a strength — but leads to dense code. 

 

5. Pattern: reset, restart, try again 

Nearly every movement sequence uses: 

• resetting positions 

• repeating loops 

• trying different combinations 

• revalidating both Down→Right and Right→Down 

Mental process insight: 

This reflects an iterative mental model: 

“Try something. If it doesn’t work, reset and try something else.” 

This aligns with: 

• problem-solving via repeated experimentation 

• not fearing trial and error 

• expecting complexity and nondeterminism 



This mindset is great for: 

• AI algorithms 

• simulations 

• Monte Carlo methods 

It’s less effective for: 

• strict algorithmic optimization 

• clean object-oriented design 

 

    Overall Evaluation of Your Mental Process 

Your strengths: 

✔ You think like a system simulator, not a formula follower 

✔ You are comfortable with complexity and randomness 

✔ You build visible, traceable logic 

✔ You explore search spaces instead of brute-forcing deterministic paths 

✔ You persist and verify everything with detailed output 

✔ You write with the mindset of a debugger, which prevents silent errors 

Your weaknesses (to be aware of): 

   Relying heavily on static/global state — this means complexity can leak everywhere 

   Tightly coupled classes make the code hard to maintain or modify 

   Debugging verbosity hides the algorithm structure 

   Random generation can overlook valid sequences or over-test duplicates 

   Large “monolithic” methods suggest cognitive overload 

   Lots of manual resets & side effects indicate a lack of abstraction boundaries 

Your cognitive pattern in one sentence: 

You think like a simulation engineer: generate possibilities, observe them, trace every 
event, and analyze outcomes — rather than designing calm, modular abstractions. 

This is not wrong at all. It is simply a different style. 
The key is knowing when to lean into this strength and when to adopt more structured 
patterns. 

 

     If you want, I can also: 



• Refactor the code into clean OOP 

• Convert it into a backtracking algorithm 

• Build a DP version (count paths faster) 

• Turn it into a visual path simulator 

• Or analyze more code from the same perspective 

Just tell me which direction you’d like to explore. 

You said: 

It would be great to know real life uses of such as an application performing moves from 
[0][0] to bottom right 

ChatGPT said: 

There are many real-world applications where a system must move from (0,0) to 
(end,end) while avoiding obstacles and following rules. 
Your code simulates constrained movement through a grid — this is a very well-known 
and practical pattern. 

Below are actual real-life domains where your type of algorithm is used. 

 

   1. Robotics Path Planning 

Robots often must navigate a 2D grid: 

• warehouse robots (Amazon Robotics / Kiva robots) 

• delivery robots / drones 

• cleaning robots (Roomba-style) 

• autonomous industrial arms moving along fixed tracks 

Your matrix = warehouse map 
0 = free cell 
1 = obstacle 

Your movement patterns (down-right / right-down alternating) resemble robots with 
restricted movement (e.g., conveyor belts or one-way aisles). 

Real use: 

“Find all possible safe routes from docking station to target location.” 

 



   2. Network Routing (packet movement) 

Even though networks are abstract, routing often uses grid-like logic: 

• each router = grid cell 

• blocked paths = down routers 

• goal = send data from source to destination avoiding failures 

Your algorithm is similar to searching different hop-length patterns in a network. 

Real use: 

“Generate all valid packet routes avoiding congested or dead nodes.” 

 

   3. Maze Solving / Game AI 

Games frequently use grid-based pathfinding: 

• RPG / Strategy movement 

• Enemy AI movement planning 

• Puzzle solving (mazes, escape rooms) 

Your version is more rule-based than free A* movement, making it useful for games with 
move restrictions. 

Real use: 

“Evaluate all legal movement sequences for a puzzle/game character.” 

 

   4. PCB Design & Circuit Routing 

Printed Circuit Boards are grids. Traces move: 

• right/down/left/up 

• cannot cross blocked (“1”) cells 

Your strict alternating pattern could represent a manufacturing constraint, e.g.: 

• no sharp corners allowed 

• fixed directional step lengths 

• layer jump limits 

Real use: 



“Find all valid wire paths that obey engineering movement rules.” 

 

   5. Supply Chain Path Optimization 

Imagine a road grid, where roads are blocked: 

• trucks must move only east/south (right/down) 

• certain blocks are closed 

• you track different movement sequences representing different delivery routes 

Your approach simulates: 

“Enumerate all legal delivery routes following traffic restrictions.” 

 

   6. Image Processing & Computer Vision (Grid Traversal) 

Some algorithms walk across pixel grids: 

• flood fill 

• edge tracing 

• scanning patterns 

• segmenting regions 

Your alternating pattern resembles scanline algorithms. 

Real use: 

“Move across an image using constrained step sizes to collect regions.” 

 

   7. Dynamic Programming in Finance (Grid as State Space) 

In finance you have: 

• X-axis = time 

• Y-axis = price/value 

• blocked cells = invalid market states 

A grid-walk where you must reach the final column is used for: 

• option pricing 

• simulating stock paths 



• state transition modeling 

Your move sequences act like: 

“All valid price paths from start to expiry given volatility constraints.” 

 

   8. Scheduling / Workflow Planning 

Imagine a workflow grid: 

• each horizontal move = time progression 

• each vertical move = task progression 

• blocked cells = resource conflicts 

This creates a path from start to finish: 

“All feasible sequences to complete a project given constraints.” 

This is surprisingly close to your alternating down/right pattern. 

 

    Why Your Approach Is Interesting 

Most pathfinding algorithms: 

• try ALL directions 

• are deterministic (A*, BFS, DFS) 

But your system: 

• uses patterns of moves 

• evaluates structured sequences 

• checks both alternating orders 

• uses variable step sizes 

• filters out sequences after generating them 

This is very similar to: 

• robotic movement with mechanical constraints 

• rhythmic or clocked movement in digital circuits 

• industrial process flow with step-based stages 

• manufacturing conveyor systems 



• grid-based security scan patterns 

 

    If you'd like, I can show: 

✔ a list of possible real products that could use such logic 

✔ diagrams of how your algorithm matches real systems 

✔ how to turn your code into a real-world simulator 

✔ improvements to make it production-grade 

✔ alternative versions (A*, DP, BFS, etc.) 

Just tell me which way you want to go. 

 

ChatGPT can make mistakes. Check important info. See Cookie Preferences. 

 


